aws

AWS ML Services+ M Jd M Y

Amazon Web Services Japan, K. K.



Wh at

S

A WS

?

dWs



BEED &6 ST U (C 9 SIETIE] 5

v.-‘




]

SC 'Cd:oh

2

GRow"rH Cuswvmeg
s A ExPeERIiENce

‘T“RAFF\C./

P




2009

7Ny

N7 o

2010

MYMMAU NS~

T AWSN AT 1

2011
~ ~ --“T

2012

~AWS VT 9w

2013

0.

2014

VR N I

1A

2015

n -

\

S

2016

dWs

201 7

\"_"-'1



# 10

@) NTTREX
O FRVH
docomo

Panasonic

NIKKE]
&
CPaRAXY

dwar o

N

NOCVHE

Q cookpad
SmartNews

B < |-

— 24 ¢ £ )
WABHA @ Soviosiren 9 SonyBank £ smrzormy  Rrvozus C'; &,@ Marubeni
ANASF ©GBxEE AGC <okt MSAWA ==roew NIEE
[ ] = . dJdentsu HONDA & mazpa =vanman @YAMAHA
SHARP EPSON RICOH Canon ruixerox g) Yokogawa — SEKISUI
momE Cwmm® & OFL ity LR TARCO MY
KIRIN sHuepo LawsoN {8  <OESIG JINS
KNiaexy @EBXE SPoovusee gQuummmesmso. U Eiuere  Midler Anritsu
) LOF>7 )] @®GREE U'NEXT @& dmsons ’@ S NAVITIME
HovA B9 emesmzg [ L eptsle zEwmw
mixi ®mercari  Retty & JuuTtad  sUUMOS  athome  (Fdely
m Gunosy ~ SaNsan (G Moneyforverd  (ISTORES® BIZREACH
cvoKo®4vd L aqA% . owe Ko @avds | AWS' »o LoqAwSo efis— - —Nef[s v s gom -»ﬁiiﬁfs



AWS N 4 n 1

I AMAANVA

./ New

18 AnMA4d .1 AinNdAnMAd, 55 " ¥ AY AN nMnd ., 100+ YV MAYnY A4
AWS GovCloud (2) SNV Y TN AT AN Mnd

N

NYANY BT VAMI4IAT (3

RN

S aMAT T 4 B Y47 Y (3 7

A

A @

o A

NJdNT 4 (@) )

T AT R MANYMAN R AT 30 N () (\
M7 N Y VTN ) = \
YJdMMnd ®iY13n ®i 40 @Wivd @OH iV 1 @i 1447 @

A\l

b i 3)

M v AnV4AnMAd

A" 3ANnMMAd (W A)
SnAaAnd

A\ A d

M™ T nAd

AWS GovCloud ( J 4 4)

(As of June, 2018)

dWs



1009 A’

AWSN n ¥ M

n T NAYnYAdd

A7 M A A &SDKs
Java, PHP,
NET,
Python, Ruby

-
- — v
Management

Console, CLI

@wqwn\M“ M7 A
WorkSpaces , WorkDocs,

WorkMail
(] ==

| s
&3

»§e

AnMY nM
RDS, DynamoDB
Redshift, ElastiCache

MJdvM1nA G
EC2, Auto Scaling, Lambda
Elastic Load Balancing,

T 4N
N ANAA AYIMA N
IAM, Cloud Trall, . ‘
Directory ~ Cloud Watich,
=% Cloud HSM, . P )
. Service Trusted Advisor
¥ Config . 3

=ip Y4 4Ny

Mobile Analytics
IEJG Cognit(§J ,IgNg,a )I/ol'lqs, Pinpoint
Tde
FES
I
i

MAT nY4dNni M
AppStream , Elastic search ,
SWEF, SQS, SES

MA41nVM
EBS, S3, Glacier, EFS,
Storage Gateway

Mn1 &

.". YANAT 4D a
CodeDeploy Elastic Beanstalk,
CodeCommit , m ‘Cloud Formation,
CodePipeline OpsWorks
N (Al
a $ Amazon Lex, Machine
@ @ Learning, Polly,
Rekognition
- 4

o _
WP 5= Elastic MapReduce,

‘n_‘ Kinesis, Athena, Data
= - Pipeline

iy MJdANd T 7

wr CloudFront

EC2 Container Service
TN ‘ ANV AAnYN
wr Tv VPC, Route 53, Direct Connect
=) o NHAndAT dMA
Reglon/ AZ ANMAdE T YT AV AN Mpd i IV MAT Y A4 =

dws
(As of February, 2018)




"TMMANAN A

10d A ° 60,45/1’ 43" a

dWs

"“-—";-"



AWS

24

2008

Cc

48

2009

61

2010

~

82

2011

Yy nyYayd

160

2012

280

2013

516

2014

1,017

122

2015 2016

MM

1,430

2017

dWs



ISO Series

Rule 17a -4(f)




AMmazon

i

(S

dWs



20 A~ AN~ Al a

i h
AI iﬁl ek i

Search & Fulfilment & Existing
Discovery Logistics Products Inltlatlves

Related to items you've viewe

dWs



14

Amazon ~ % i . DeepLearning 0.

A 1 A Q&A Y M N1

A ANVYAT VW ndiT  a

A Alexa A

A i A0

AAMN 4 AT AYMIANTT A

A A4vAy" Y M

A1MA4d1 AN "7 MdM 1 nMYI M4
A AINNnYV A N 4 G /a

dWs



AWS X

-

{l,

Nniy M

dWs



AWS X

Services

Platform

Frameworks
&
Infrastructure

. MLNNniyY MMMV Y

Amazon Amazon
Amazon Amazon Amazon Amazon Amazon

Polly Lex Comprehend Translate Transcribe

Rekognition
Image

Rekognition
Video

Amazon EMR Amazon SageMaker AWS DeeplLens

MXNet Tensorflow Caffe Torch Theano CNTK Keras Chainer

AWS Deep Learning AMI (Amazon Linux / Ubuntu / Windows)

Mobile

dWs

\"_";-"



AWS X . MLNNniyY MMMV Y

Amazon Amazon

I o Amazon Amazon Amazon Amazon Amazon o
SerVICeS Rekognition Polly Lex Comprehend Translate Transcribe Rekqgnltlon
Image Video

=hOwafi #° 3 Afi =14V

AP = z%{vEdorody e

dWs

\"_";1



AWS ML Services M n A MY AN

Amazon Rekognition

Speech-to-Text

Text-to-Speech

Amazon Rekognition Video
Amazon Transcribe
Amazon Polly

Amazon Comprehend
Amazon Translate

Amazon Lex

dWs

“"_";-"



AWS X . MLNNniyY MMMV Y

Pla‘tform Amazon EMR Amazon SageMaker AWS DeeplLens

1 MNANMdM~

UYnvM1NniY VM

dWs

\"_";1



Amazon SageMaker
0 T ANA4”

AAnMN 3449 M 7 44xT "0
Kk 17 7 \NinM1Nniy M

k1 k 1. |
AdnMY T AT Y1 YT YANdT T 44410
JupyteNotebook Docker fi v 1 Docker fi ¢ 1
fi 521 Y ] SageMakedt — SageMaké¥s |-
DK ™= o K4 «fi ) Wi
K' wafi ® D o' Ki 0JJ @2 ! fis
L - ABr @)

dWs



AWS DeeplLens

AN " ndAnAdY " i i
VAANYT M
AA N MIVMInY 9NAY VS
ToANT T T a
A 1080 P "N T TN N AT T A K
8GB" 144" Intel ATOMIoT N 4\ \
% NT aTaAT

A GreengrassCore X A N~ 7 MXNet
[ TensorFlow / Caffe2 =~ N M n A

dWs



AWS X . MLNNniyY MMMV Y

¢codk'Dafiazei — h" DJ2F: D«

—k. ¥ @ FYXVED) PV

MXNet Tensorflow Caffe Torch Theano CNTK Keras

Fram eWOI‘kS AWS Deep Learning AMI (Amazon Linux / Ubuntu / Windows)

&
Infrastructure

Mobile

dWs

\"_";-"



Deep Learning AMI

AWS Deep Learning AMI A Deep Learning ~ |~ A

“\M«kaw 74n\ X
W Temoflow  Cafeacafe 3 VWMQM”\
| Temo  copimeTooki  Toth AT
-- A Tensorflow

| WdaCUDAGSDNN  PytonzaPynon3 A Chainer
. .. F I Aubuntu ° Amazon Linix

f > Windows 3

Amazon EC2 (Amazon Linux / Ubuntu) -

dWs



-~

N

ndAnIdY

o=

(14
A4

Ve

/4
b Vd

A NVIDIA° T A GPUTeslaV1i00 ~ 1
based M AN A MY n

A

GPU 2> °

NA— M

NVIDIA GPU ROADMAP
PASCAL 3X BANDWIDTH

vl
s

q°

P3° dMMWJdWM

S it s 17 GPUL

ndANYdN AN " Do

NVIDIA Roadmap

GTC 2017

dWs



AWS Greengrass ML Inference

~

A AWS Greengrass X TNV MANT MU T MXNet T 4T A

~

o IR IR B 0 1T AN1~AdA4T

A AWSA a T a R B
AP

— 7

~

k.,
R A R

AWS Greengrass
Core devica
Pty i

Bt Grsts from . R,
¢ nfenmce procesing —
‘ v‘-:.n_‘.' I’n\-.t AWS yn—— your
E ML moeke! Greengr e wrver SigeMaber  own l modet
=
" n Tty

Device performs inference Transfer ML modets to Build and train
locally to take action quickly Greengrass devices ML modeis in the doud

dWs

U



APl -

1,

AWS’

1A
7

U

(14
7

Nniy M

dWs



AWS ML Services M n A MY AN

Amazon Rekognition

Speech-to-Text

Text-to-Speech

Amazon Rekognition Video
Amazon Transcribe
Amazon Polly

Amazon Comprehend
Amazon Translate

Amazon Lex

dWs

“"_";-"



2 8 © 2017, Amazon Web Services, Inc. or its Affiliates. All rights reserved.




Amazon Rekognition

dWs



Amazon Rekognition

A " Nni M

A S\ 0 ~ APl ST T NAYnYAdT L P
A" AnvMANInY 440 ~ . Te Ak 1A ~ A

A7 7 7 ANAq" -5

A G 1000 ~ " p $1.307 T AMANM 1000 “ 7 p $0.013/ A *

'\f\ ‘A
CYCLIST o~ "\
13.41% AN
A #) .A i
D I\

hmidvele ¢
“06.6%

2018/10



Rekognition - Y nd A

A DetectLabels API™ 1 7 | 9. R Y I ]
YT T 7 ANdTT T MM T p.

A> MM 001000 N X "9 5o 6 ”
-

W ’ AT M AANT
iMT A Ad N
a”. . 0 -
0 vl ™ Plant
W i 000 i A7 VUA
" N T NAY N YA
NG |




Rekognition - 4
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17, o A Mouth Open: False 86.2%
W 1 77 4AMAdT Mustache: Fase  98.4%

Smile: True 95.9%

Sunglasses: False 99.8%

Brightness 52.5%
Sharpness 99.9%

Bounding Box
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